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Conclusion
____________________________________ In this study, we have derived a stable text classifier for NIH Immunology
Non ||V||V| f Integrated Research Group (IRG), in which majority of immunology research
~ grant applications are reviewed and later funded. The classifier uses a Naive
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calculated using the network of grants constructed using RCDC profile
g Given an award group G (IMM, et al), and another award A, the average similarity.  Various robustness tests including cross validation among
LIKE-score and link ration between A and G are defined as below: independent and longitudinal datasets as well as comparisons with the
assessments by human experts have demonstrated that the classifier can
Average LIKE-score-sum(S)/N provide reasonable prediction performance. The classifier can be used as an
Link ratio=N/No objective and quantitative measure for trends and grant portfolio analysis.
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